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MODEL FOR PROCESSING IMAGES OF ONLINE SOCIAL NETWORKS
USED TO RECOGNIZE POLITICAL EXTREMISM

The scientific research is devoted to solving the important scientific and practical problem of
recognizing calls for political extremism in online social networks, which today, due to their high
popularity, are one of the main ways of spreading such calls. It is shown that modern means
of detecting calls for political extremism in online social networks are mainly focused on the
semantic analysis of text messages contained in them. At the same time, in modern online social
networks, graphic resources have become widespread, which provide ample opportunities for the
implementation of such calls. The possibility of detecting destructive content in images and video
materials using neural network analysis is considered. The possibility of increasing the efficiency
of neural network recognition has been determined due to the developed image pre-processing
model, which makes it possible to adjust the brightness and contrast of images, as well as eliminate
typical interference during video recording. The originality of the model lies in the use of a wavelet
transform apparatus for filtering typical noise, as well as in the developed mathematical apparatus
for adaptive contrast correction based on the local contrast of the neighborhood. It is shows that
the use of the developed model for pre-processing images makes it possible to increase the accuracy
of neural network recognition of calls for extremism in images and videos posted on online social
networks by approximately 12 percent. It is advisable to correlate the paths for further research
with the development of a neural network model adapted to the wide variation in the sizes of
images and videos in online social networks.

Key words: social networks, detection of political extremism, images, contrast correction, wavelet
analysis.
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K.B. Barurosal*

FruutbiMu 3epTTey MHTEPHET 9JIeYMETTIK YKeTiepIaeri casch 3KCTPEMU3MTE MAKbIPYIapabl TAHYIBIH
MAaHbI3Ibl FHLIBIMU-TOXKIPUOETIK MOCe/IeCiH IIeNryre apHaJraH, oJap OYTiHri KyHi e3iHiH yKOFaphbl
TAHBIMAJIIBLIBIFBIHA OAMIAHBICTBI OCHIHIAN TAKBIPYIAPAbl TApaATYAbIH HEri3ri Tociiaepinin 6ipi
GOJIBIIT TAOBLIAILI. OJIEYMETTIK KeJlijieperi casiCi SKCTPEMU3MIe IAaKbIPYIapibl aHBIKTAYIbIH,
3aMaHayd KypaJjapbl Heri3iHeH oJiapJlafbl MOTIHIIK XabapjaMajapibl CEMAHTUKAJIBIK TaJIayFa
GarbITTasFaHbl KopceTiaren. COHBIMEH KaTap, 3aMaHayl OHJIANH-9JIEyMETTIK KeJtiiep/ie rpaduka-
JIBIK, peCypcTap KeH TapaJibIll, MyHIai MaKpIpyIap Kacayra KeH MyMKingikTep 6epai. Heitporabik
2KeJIiHI Taj /8y apKplJIbl KECKIHIEP MeH 6€I/IHeMaT€pI/IaJ'I,ZI;ap,ILaFI>I J€CTPYKTUBTI Ma3MYH/IbI aHBIKTAY
MYMKIHJIIrM KapacTbIpbLiaibl. HefipOHIbIK 2KesTiHl TaHy THUIMILIIriH apTThIpy MYMKIHJIN KecKiH-
JIEep/IiH YKApBIKTBIFBI MEH KOHTPACTBIH peTTeyTre, COHIa-ak OeiiHe »Ka3y Ke3iHJIe oJIeTTeri Iy bl
2KOIOFa, MYMKIH/IIK OGepeTiH KeCKiHIl aJIbH aJia OHJACY/IIH 93ipJIeHTeH MOIETIHIH apKaChIHIa aHbl-
KTaJ1bl. MoenbaiH 031HIiK epekIeTiri TUITIK IIyIbl Cy3Y YIITiH TOJTKBIHIBIK TYPACHIIPY anmnapa-
TBIH KOJIJIAHY/1a, COHJIal-aK, KOPIIijiec allMaKThIH, *KePriJliKTi KOHTPACThIHA HET13/IeJITeH aJlallTUBTL
KOHTPACTTHI TY3€Ty VIIH 93IpJIEHNeH MATeMaTHKAJIbIK, alllapaTTa »KaThIp. O3ipJeHIeH KeCKiHIl
AJJIBIH ajia OHJEY MOJEJIH KOJJIaHYy 9JIeyMEeTTIK Kejie OpHAJIACTBIPBLIFAH CyperTep MeH Oeii-
HeMaTepHuaJiap/iarbl SKCTPEMU3MIE TTAKbIPYJIap/ibl HEHPOHJIBIK >KeJli apKbLIbI TaHy JIOJIITIH Ia-
MaMeH 12 maifbi3ra apTThIpyFa MYMKIHJIK Geperini Kepceriiren. Opi Kapail 3epTrey >KOJIapbIH
OHJIAHH DJIEYMETTIK KeJTiJepaeri cyperTep MeH OeffHeIepIiH oImeM/Iepini KeH e3repyine Oeftim-
JIeJITeH HeHPOHJIBIK, 2KeJTi MOJIEJIIH yKacayMeH OailIaHbICTBIPFaH KOH.

Tvyiiia ce3mep: o/IeyMETTIK YKeJIIep, CasiCh IKCTPEMUBM/II aHBIKTAY, CypeTTep, KOHTPACTTHI TY-
3eTy, BEHBJIETTIK TaJIay.
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Mopnenb 06paboTKu M300pa>keHuil OHJIAMH COIMAJILHBIX ceTell, NCIOJIb3yeMbIX JIJIs
pacrio3HaBaHUS NOJUTUYECKOrO 3KCTPeMu3Ma

Hayqnoe uccienoBamme mMoCBSINEHO PEIIEHUIO BaXKHON HAY YHO-TIPAKTUIECKON ITPOOIEMBI PACIIO3HA~
BAHUsI IPU3BIBOB K ITOJTUTUIECKOMY SKCTPEMU3MY B COIMAJIBHBIX ceTstX VIHTepHeT, KOTOPbIE CErOIHST
B CHJIy CBOEH BBICOKOI IOMYJISIPDHOCTH SIBJISIOTCHA OJHUM U3 OCHOBHBIX CIIOCOOOB PAaCIPOCTPAHEHUS
110/TI00HBIX TPU3BIBOB. [loKa3aHo, YTO COBpEMEHHBIE CPEJICTBA BBIABJIEHUS IIPU3BIBOB K IOJIUTHYE-
CKOMY KCTPEMU3MY B COIIMAJIBHBIX CETAX B OCHOBHOM OPHEHTHPOBAHBI HA CEMAaHTUYECKNI aHAIN3
COJIEP2KAINUXCS B HUX TEKCTOBBIX coobIeHuit. B To »xe BpeMsi B COBpEMEHHBIX OHJIANH-COITUATBHBIX
CeTSIX TOJIYINJIN MUPOKOE PACIIPOCTPAHEHNE IPAMDUIECKIE PECYPCHI, IPEIOCTABIIAIONINE IMTHPOKHE
BO3MOXKHOCTHU [IJIsi OCYIIECTBJIEHUS IOJO00HBIX 3BOHKOB. PaccMoTpeHna BO3MOXKHOCTH OOHADYKe-
HUAS JECTPYKTUBHOI'O KOHTEHTA B M300DaKEHMUSAX M BHIEOMATEPHAJaX C IIOMOIIbIO HEHpOoceTeBo-
ro anajiuza. OnpeeseHa BOSMOXKHOCTh TOBbIIIeHNsT 93(h(HEKTUBHOCTU HEHPOCETEBOrO PaCIiO3HABA~
HUS 3a CYeT pa3paboOTaHHON MOJE/IH IIPE/IBAPUTEJILHO 06pabOTKN n300parkeHuil, O3BOJISIONIEH
PeryJinpoBaTh SPKOCTb U KOHTPACTHOCTH M300paKeHWi, a TaKyKe yCTPAHSATh TUIUIHBIE TOMEXU
npu Bujeo3anucu. OpUTrHHATBLHOCTD MOJIEJIA 3aKJ/II0OYAETCS B MCIIOJIb30BAHUU AIIAPATA BEUBJIET-
11peo0pa30BaHusA JJIs (DUIBTPAIUN TUIINIHBIX TyMOB, 8 TaKKe B pa3pabOTAHHOM MaTeMATHIECKOM
aInrmapare aJIallTUBHOI KOPPEKINN KOHTPACTa Ha OCHOBE JIOKAJIBHOI'O KOHTPAacTa OKpecTHOCTH. 1]o-
Ka3aHo, UTO HCIIOJIb30BaHue pa3paboTaHHON MOJENN MpeaBapuTeIbHON 00paboTKH M300parkeHnit
[TO3BOJISIET MOBBICUTH TOYHOCTH HEMPOCETEBOTO PACIO3HABAHUS IIPU3BIBOB K SKCTPEMU3MY B U300~
PaKeHUIX W BUJIEOPOJNKAX, Pa3MEIEHHBIX B CONMUAIbHBIX CETIX OHJAiH, mpuMepHO Ha 12 mpo-
nerToB. [lyTn maabHeHmX nceae 0Banmii meaecoodpa3Ho COOTHECTH ¢ pa3paboTKOM HeifpoceTeBoit
MOJIeJIN, aJAIITUPOBAHHON K NIMPOKOMY BapbHPOBAHUIO Pa3MePOB M300paKeHuil U BUIEO B COIH-
AJIBHBIX CeTSX OHJIAMH.

KiroueBbie cJioBa: conuajbHBIE CETH, BBISIBJIEHHE MOJUTUIECKOTO IKCTPEMU3MA, N300PaKEeHUs,
KOHTPaCTHas KOPPEKINd, BeiBiIeT-aHaIn3.
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1 Introduction

Currently, online social networks are one of the main media, which a significant number of
young people consider as the main source of authoritative and reliable information [1, 2]. In
addition to the unconditional positive psycho-emotional effect, the spread of social networks
also entails unconditional risks, including the spread of calls for political extremism |2, 13, and
22|. This explains the increased interest in developing tools for automatic monitoring of social
networks. There are a number of existing technologies for monitoring social networks for the
detection of various destructive information, which also includes calls for political extremism
[1, 12, and 23|. It is worth noting that most known monitoring technologies are based on
semantic analysis of text messages [3, 7, 16]. For example, paper [4] focuses on developing a
multi-class sentiment classification based on social media comments in Bengali using machine
learning. Article [5] discusses a procedure for determining how textual environmental cues
and personal characteristics influence the expression of sentiments in social networks. Article
[6] presents a method for processing text messages in social networks for ranking products,
which is based on several classifiers and the interval intuitionistic fuzzy system TOPSIS. At
the same time, the results [2, 12, and 16] and practical experience indicate that calls for
political extremism can be implemented not only through text messages, but also through
graphic materials (images and videos) posted on social networks. In line with modern research,
it is advisable to analyze such graphic materials using neural network tools [10, 11]. Although
quite a lot of work has been devoted to the general issues of developing such tools [8, 14, 15],
the specifics of detecting calls for political extremism in images and video materials of online
social networks have not been sufficiently covered, which explains the relevance of research
in this direction.

In the vast majority of cases, graphic content on online social networks consists of
monochrome or color images, as well as mono-channel video, also presented in monochrome
or color format. For example in Fig. 1 shows an image that may be an illustration of a call
for political extremism.

As practical experience and research results in the field of
neural network analysis of static images and video information
show [9, 11, 17|, one of the promising ways to increase the
efficiency of such analysis is to carry out pre-processing. Firstly,
the purpose of such processing is to bring the parameters of
images and video streams to the requirements put forward for
the parameters of the input field of a neural network model
of a given type. Thus, a significant difference between the size
_— . ) # of the input field of the neural network model and the size
Fig. 1. A fight scene as a call to Of the analyzed image will require the use of a special image

street riots scaling procedure, since a trivial scaling procedure is likely

are excessively distort the image. The distortion is especially

noticeable in the case of possible disproportionate scaling of the image, the need for which
may arise in the event of a mismatch between the aspect ratio of the input field of the
neural network model and the aspect ratio of the analyzed image. As an example, Fig. 2
shows the image from Fig. 1, scaled non-uniformly using the well-known bicubic interpolation
procedure. Fig. 2 illustrates that such a scaled image will be difficult to recognize by humans,
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and, therefore, neural network analysis will be difficult.

Fig. 2. Image scaling using the bicubic interpolation procedure

In addition, one should take into account the fact that in some online social networks,
images and videos are posting in compressed form, which can cause difficulties when
submitting them to the input of neural network analysis tools. Likewise, in many cases,
preprocessing the input signal can significantly increase the accuracy of the output signal of
the neural network model by leveling out noise and distortion that is difficult to display in
training data. For example in Fig. 3 shows an image of a group of people captured in low
light conditions caused by fog.

Note that, in fact, the video stream consists of
individual image frames. Therefore, processing a video
stream can be considered as processing individual images,
taking into account the need to implement this process in
real time.

Thus, as a result of the conducted research, it can
be assumed that pre-processing of images in online social
: networks correlates with solving the following problems:

Fig. 3. Image of a group of people 1. Restoring a compressed image.
captured in low light conditions 2. Scaling images to bring their size to the size of the
input field of the neural network model.

3. Bringing images to a given color format.

4. Leveling out typical interferences and distortions characteristic of the field of political
extremism in online social networks.

In accordance with [9, 11 and 24| it is necessary to develop an appropriate model,
which will be the theoretical basis for solving these problems of pre-processing images and
videos before submitting them to neural network tools for recognizing calls for political
extremism.The purpose of this article is to develop a model for pre-processing images posted
on online social networks to improve the efficiency of neural network tools for recognizing
calls for political extremism.

2 Methods and materials

The first three problems of image preprocessing in online social networks are typical tasks
of pre-processing images before feeding them into a neural network model of a given type.
The fourth task takes into account the specifics of the applied research problem, i.e., tasks of
detecting political extremism in online social networks through integral analysis of text and
graphic information.

The research hypothesis is that the use of such a preprocessing model will improve the
efficiency of neural network tools for recognizing calls for political extremism contained in
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images and videos of online social networks. To determine effective ways to solve the above
problems; a study of some common online social networks was carried out regarding the
features of placing images and video streams in them. Since there are currently quite a large
number of online social networks, the article "Rating of social networks in Kazakhstan and
what buyers expect from them" , published on April 27, 2023 by the authoritative website
Profit.kz, was used as a basis for determining the target list. It is notes that among those
surveyed, 56% watch videos and listen to music on social networks, 44% of respondents read
news, 26% communicate with people they already know, and 26% follow bloggers. At the same
time, the main consumers of content are young people aged 14 to 18 years. The main indicators
identified in the article characterizing the attendance of online social networks in the Republic
of Kazakhstan indicate that the most popular social networks include: Instagram, TikTok,
Telegram, YouTube, VKontakte, Facebook, Odnoklassniki, Twitter.

Taking into account practical experience, added to this list LinkedIn, Viber and
WhatsApp. Social networks from the specified list were investigated from the standpoint
of determining ways to solve the problems stated above related to the pre-processing of
images and video streams.

A list of maximum and minimum resolution values for images and videos also defined, as
well as an acceptable range of aspect ratios for images and videos. The corresponding data
given in table 1 and table 2.

Table 1. Maximum and minimum resolution of images and videos on popular social networks

Social networks name Maximum resolution, px Recommended minimum resolution, px
Instagram 1080x1920 110x110
TikTok 1080% 1920 20x20
Telegram 720x1080 320x480
Viber 1600x 1200 640x480
WhatsApp 1600% 1200 192x192
YouTube 3840x2160 426 %240
BKonrakre 1920% 1080 145x 85
LinkedIn 4096 %2304 256 x 154
O QHOKJIACCHUKI 1920x 1080 190x190
Facebook 4096 %2048 170x170
Twitter 1920%x 1200 32x32

Table 2. Aspect ratio range of images and videos on popular social networks

Social networks name Acceptable aspect ratio of images and videos
Instagram 1:1; 1.9:1; 4:5

TikTok 1:1; 9:16

Telegram 1:1; 2:3;

Viber 1:1; 6:9; 4:3

WhatsApp 1:1; 4:3; 9:16

YouTube 4:3; 9:16

BKonTakTe 1:1; 2:3; 4:5; 9:16
LinkedIn 1:2,4; 9:16

O IHOKJIACCHUKT 1:1; 1,78:1; 3:5; 6:5; 9:16
Facebook 1:1; 1,9:1; 2:1; 9:16
Twitter 1:1; 1:2,39; 9:16
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Based on the methodology [11], taking into account the results of studies of well-known
online social networks, the solution to the above first preprocessing problem associated with
the restoration of compressed images and /or videos can be correlated with the use of publicly
available codecs that are necessary to decompress the original image and/or or video. The
list of required codecs determined by the lists of image and video formats that are used in
online social networks formed in this section.

The solution to the second problem, associated with scaling images to bring their size
to the size of the input field of the neural network model, is based on the statements
proven in [11, 17| that modern neural network models are able to adequately analyze images
proportionally enlarged by no more than 2 times or proportionally reduced by no more than
5 times. Therefore, the limits of expedient scaling of images and videos during their pre-
processing before submission to the neural network model are limited by the coefficients
Emazr = 2 and k,,;, = 0.2, i.e., the range of variation of scale factors with proportional scaling
is in the range from 0.2 to 2. With disproportionate scaling, it should be taken into account
that neural network models are capable of analyzing images distorted by no more than 30%
[18, 19].

At the same time, analysis of the data in Table 2.3 indicates that the range of variation
in the size of images and videos on social networks in many cases significantly exceeds the
specified acceptable limits of proportional scaling. In addition, the results of the analysis
indicate significant variability in the aspect ratio of images and videos in popular social
networks. For example, Instagram can post images with aspect ratios of 1:1 and 1.9:1, which
also significantly complicates the procedure for scaling images if a general neural network
model used for neural network analysis of these images.

Thus, the results of the studies show that in most cases, even within the same social
network, it is very difficult to scale images to adapt them to the input field of a general
neural network model designed to recognize political extremism. It should be noted that the
use of several neural network models, which differ from each other primarily in the size of
the input field, negatively affects the efficiency of the recognition system due to its technical
complexity and the need to train several neural networks. In those cases when the image
sizes vary by no more than 2.5 times (Telegram, Viber), in accordance with [20], the scaling
procedure can be based on the bicubic interpolation apparatus.

The actual procedure for checking scalability can be defined using the following
expressions:

ks = Round(Lyy /Lin) (1)
k, = Round(Hnn/H;m) (2)
if ki & [Kmin, Kmaz] — stop (3)
if ky & [kmin, kmaz] — stop (4)

if ky/k, >0 — stop (5)
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if ky/ky, > 0 — stop (6)

where k,, k, are scale factors along the x and y axes; Round — function of rounding to the
smallest integer; Lyy — width of the input field of the neural network model, Hxyxy — height
of the input field of the neural network model; L;, — width of the analyzed image; Hyy —
height of the analyzed image; k,in, kmae — minimum and maximum allowable value of the
scale factor; 0 — maximum coefficient of variation of scaling along the axes.

Note that expressions (3, 4) determine the conditions for the possibility of proportional
scaling, and expressions (5, 6) determine the conditions for the possibility of disproportionate
scaling.

Solving the problem of bringing images to a given color format depends on the ratio of
the color format of the analyzed image and the requirements for the color format of the input
field of the neural network model. Possible options:

1. It is necessary to convert a color image in RGB format to RGBA format;

2. It is necessary to convert a color image in RGBA format to RGB format;

3. It is necessary to convert the color image to halftone;

4. It is necessary to convert the color image to binary.

The solution to the first two options implemented by trivially adding/removing the A-
channel, which is responsible for the transparency of the image background.

The solution to the third option is implemented using expression (7).

C =0,2125R + 0, 7154G + 0,0721B (7)

where C' is the pixel color in halftone format; R, G, B — values that determine the color of
the pixel in each of the RGB format channels.
The solution to the fourth option is implemented using expressions (7-9).

(8)

if C>a—A=1
f C<a—A=0

a=0,5N (9)

where « is the threshold value; N — pixel color depth in halftone format; A — pixel color in
binary format.

It is advisable to divide the solution to the problem of leveling typical interference and
distortion characteristic of the field of political extremism in online social networks into the
stage of image quality correction and the stage of getting rid of interference.

By analogy with [11], at the stage of image quality correction, the procedure for
normalizing color channels, brightness correction and image contrast correction implemented.

Note that normalizing the color channels of an image involves subtracting the average
color value of this channel from the color of each pixel:

c=C-0C, (10)

where C' is the normalized pixel color, C' is the original pixel color; C¢p — average color value
in a given color channel.
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The procedure for correcting the brightness of color channels is based on expressions (11,
12):

0,5L 0,5H
De,y) =Y > (I(@+iy+j)x Ul+iy+7)), (11)

i=—a j=—b

-2 0 -2
v=10 9 0 (12)

-2 0 -2

where I' — filtered image; I — original image; ¥ — filter.
Note that expression (11) describes only one of the possible filter options.
The contrast correction procedure is described by expressions (13-16).

ifg<r—>q:7’%
if g=r—q=yg (13)
ifg>r—>q:7“%
k
f:(M> (14)
g+r
k= kmin + (kmam - kmzn)a (15)

z+0,5d  y40,5d

r = % Z Z Cij (16>

i=2—0,5d j=y—0,5d

where ¢ — adjusted pixel brightness value; g — initial pixel brightness value; r — the average
brightness of a certain neighborhood of the pixel; f — function of nonlinear enhancement of
local contrast; k — contrast enhancement factor; k.42, kmin — the maximum appropriate and
minimum appropriate gain; a — adaptation coefficient, taking into account the characteristics
of the pixel neighborhood; d — diameter of the pixel neighborhood; x,y — coordinates of the
pixel for which contrast adjustment is implemented.

In accordance with the recommendations [18, 20| ke = 0,7...0,9, kpin = 0,1...0,3,
d =15...29 pixels. As a first approximation, k... = 0,9, kpnin = 0,2, a = 0,6, d = 20. In
the future, to clarify these parameters, it is possible to use the data from [11, 19].

To level out typical video recording interference, which manifests itself in the form of
noticeable blurring of the image due to uneven lighting and/or video recording errors, an
approach substantiated in [11]| proposed, which is proposed to be used in distance education
systems to filter biometric parameters. The essence of the approach is a pairwise comparison
of wavelet coefficients of video frames with subsequent selection of a larger wavelet coefficient.
The approach based on the practical statement that at different times of video recording,
interference localized in different parts of the image. For example, in Fig. 4 and Fig. 5 show a
scene of a street fight under the influence of interference localized in the upper left and lower
right corners of the image, respectively.
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- ‘ 3 =

Fig. 4. Blur localized to the top-left corner of the Fig. 5. Blur localized to the bottom-right corner of
image the image

- -

The mathematical apparatus that defines the wavelet filtering model in the case of a
square image of dimensions N x N is determined by the following expressions:

Wy p = % ]::_:(c(xn)go*(men “E), 1<m, k<N (17)
W i) = % ]::(c(:rn,z)gp ("2, — k), 1<m, k<N (18)
o) = N N(so ()W), (19
ioni) = N ]::_:w*(xn)vvm,k(z'», (20
if w(L)mp = w(2)mp = WB)mp = w(L)mp else w(3)mr = w(2)mpk (21)

where W — matrix of wavelet coefficients; ¢(z,) — color brightness at point z,, for a halftone
image; ¢(x,,1) — brightness of the i—th color channel at point x,, for a color image; m, k
— shift and scale; x,, — coordinate of the n—th point of the image; * — complex conjugation
operation; ¢ — basis wavelet; w(1),, x — m, k—th wavelet coefficient for the first image; w(2),, &
—m, k—th wavelet coefficient for the second image; w(3),,, — m, k—th wavelet coeflicient for
the third filtered image;

It should be taken into account that expression (17) defines the matrix of wavelet
coefficients of one row of points of a halftone image, and expression (18) defines the same
matrix for the :—th color channel of a color image. The filtering process itself is implemented
using expression (21). Restoration of the filtered halftone image is also realized using
expression (22). To restore a color image, expression (23) is used.

00) = i) 2 S )W), (22)
) = s 3 3 () Wons ). (23)
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In contrast to the well-known basic solution of using wavelet transformations to level out
noise [11], this dissertation work proposes the use of a filtering procedure based on expression
(21), the use of the Haar wavelet as a base wavelet, defined by expression (24), as well as one
level of detail wavelet transforms.

1,0<z<0,5
Y = —1,0,5§£L'<1 (24>
0,z €0,1]

Note that the justification for the feasibility of using an expression for filtering type (21)
and wavelet-Haar implemented from the standpoint of minimizing computational resources
at an acceptable level of filtering quality.

3 Results and discussion

Using the developed procedures defined by expressions (10-16), the processing
shown in Fig. 3. Images of a group of people captured in low light conditions.
The processing result is shown in Fig. 6. Expert
comparison of Fig. 3 and Fig. 6 shows that from the point
of view of recognizing the situation shown in the image,
the implementation of the developed procedures increased
the quality of the original image by 5-10%.

An example of using the filtering model specified by
expressions (17-24) to eliminate blurs localized in different
parts of the images shown in Fig. 4 and Fig. 5, shown

Fig. 6. Processed image of a group of jp Fig 7. In this case, the model was implemented using
people captured in low light condition \at],ab tools.

Computer experiments were carried out to confirm the
hypothesis about the possibility of increasing the efficiency of neural network tools for
analyzing graphic materials of online social networks through the use of the proposed
preprocessing model (1-24).During the experiments was used a neural network model of
the MobileNetV2 type supplemented with LSTM modules. The addition is implemented
to increase the efficiency of neural network analysis of video sequences. The network was
trained on training examples from the publicly available Real Life Violence Situations Dataset
[21]. The database contains 1,000 violent videos and 1,000 non-violent videos collected from
YouTube videos in a variety of media and settings. The sample is divided into training and
validation in a ratio of 9:1. Graphs of the recognition accuracy of training (1) and validation
(2) data are shown in Fig. 8.
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Fig. 7. lllustration of using the

filtering model to eliminate blur

localized in different parts of the

image
As shown in Fig. 8, after 25 training epochs, the
1o Accuracy recognition accuracy of training data is about 0.99,
1 and that of validation data is about 0.97. To test

09 2 the trained network, the 10 lowest-quality examples
were selected from the validation set. The average
recognition accuracy of these examples was about
07 0.88. These examples were further processed using the
developed preprocessing model (1-24). The average
recognition accuracy of the processed examples was
os k - - ~ ~ EDM:S 0.96. Thus, the use of the proposed preprocessing
' model made it possible to increase the recognition
accuracy of video materials by approximately 1.09
times, which corresponds to the results of works [11,
18] in the field of increasing the efficiency of neural
network analysis of graphic materials due to their preprocessing.

06

Fig. 8. Graphs of recognition accuracy of

training and validation data

4 Conclusion

As a result of the research, an image pre-processing model was developed and verified to
improve the efficiency of neural network tools for recognizing calls for political extremism in
online social networks. The novelty of the proposed model lies in the use of an original wavelet
transformation apparatus for filtering typical noise in images on online social networks, as
well as a mathematical apparatus for correcting the brightness and contrast of images before
submitting them to a neural network model for subsequent analysis. It is shown that the use of
the proposed preprocessing model makes it possible to increase the accuracy of neural network
recognition by approximately 1.1 times. It is also substantiated that the large variability
of image sizes in popular online social networks does not allow these sizes to be reduced
to a limited standard set, which predetermines the need for further research to take into
account this feature in the architecture of a neural network model designed to detect political
extremism.



102

Model for processing images of online social networks . ..

5 Acknowledgment

This research was funded by grant of Ministry of Education and Science of the Republic
of Kazakhstan No AP15473408 "Development of models and methods for extremist content
detecting in social networks" (2022-2024).

(1]
2l
(3]
(4]
(5]
(6]
(7]
(8]

(9]

[10]

[11]

[12]

(13]

[14]

[15]

[16]

[17]

(18]

(19]

[20]

21]

References

https://unesdoc.unesco.org/ark: /48223 /pf0000260382/PDF /260382eng.pdf.multi
https://www.ivint.org/the-rise-of-digital-extremism-how-social-media-eroded-americas-political-stability /
https://www.sciencedirect.com /science/article/abs/pii/S0736585320300046
https://www.sciencedirect.com/science/article/pii/S2666307423000025

https://www.sciencedirect.com /science/article/abs/pii/S0736585323000357

https://www.sciencedirect.com /science/article/abs/pii/S1568494623002557

https: //www.worldscientific.com/doi/10.1142/5021964922350003X

O. Oksiiuk, L. Tereikovska and I. Tereikovskiy, "Determination of expected output signals of the neural network model
intended for image recognition", 4th International Scientific-Practical Conference "Problems of Infocommunications
Science and Technology", Ukraine, Kharkiv. October 10-13, 2017.

H. Zhengbing, I. Tereykovskiy, L. Tereykovska, V. Pogorelov, "Determination of structural parameters of multilayer
perceptron designed to estimate parameters of technical systems ", Intelligent Systems and Applications, 10 (2017):

57-62.

Z. Hu, 1. Tereykovskiy, Y. Zorin, L. Tereykovska, "Optimization of convolutional neural network structure for biometric
authentication by face geometry ", Advances in Intelligent Systems and Computing, 754 (2018): 567-577.

L.O. Tereikovska, Metodologiya avtomatizovanogo rozpiznavannya emociynogo stanu sluhachiv sistemi distanciynogo
navchannya, dis. dokt. tekhn. nauk, 05.13.06. Kiyv (2023): 395.

https://www.undp.org/sites/g/files/zskgke326 /files /publications/Discussion%20Paper%20-
%20Preventing%20Violent %20
Extremism%20by%20Promoting%20Inclusive%20%20Development.pdf
https://library.oapen.org/bitstream /handle/20.500.12657 /58012 /1 /book.pdf

I. Kurilin et al., "Fast algorithm for visibility enhancement of the images with low local contrast ", IS&T/SPIE Electronic
Imaging. International Society for Optics and Photonics, (2015): 93950B-93950B-9.

J.R.R. Uijlings et al., "Selective search for object recognition" , International journal of computer vision, 104 (2) (2013):
154-171.

https://www.osce.org/files/f/documents/2/2/400241 1.pdf]

https://www.researchgate.net/publication/312336397 _Preprocessing for image classification by convolutional
neural networks

K.K. Pal and K.S. Sudeep, "Preprocessing for image classification by convolutional neural networks" , IEEE International
Conference on Recent Trends in Electronics, Information Communication Technology (RTEICT), (2016): 1778-1781.

https://www.sciencedirect.com /science/article /pii/S0141118722003352

https://www.researchgate.net/publication/365726702_Bilinear _and _Bicubic_Interpolations for Image Presentation
of Mechanical Stress and Temperature Distribution

M. Soliman, M. Kamal, M. Nashed, Y. Mostafa, B. Chawky, D. Khattab, "Violence Recognition from Videos using
Deep Learning Techniques", Proc. 9th International Conference on Intelligent Computing and Information Systems
(ICICIS’19), Cairo, (2019): 79-84.


https://unesdoc.unesco.org/ark:/48223/pf0000260382/PDF/260382eng.pdf.multi
https://www.ivint.org/the-rise-of-digital-extremism-how-social-media-eroded-americas-political-stability/
https://www.sciencedirect.com/science/article/abs/pii/S0736585320300046
https://www.sciencedirect.com/science/article/pii/S2666307423000025
https://www.sciencedirect.com/science/article/abs/pii/S0736585323000357
https://www.sciencedirect.com/science/article/abs/pii/S1568494623002557
https://www.worldscientific.com/doi/10.1142/S021964922350003X
https://www.undp.org/sites/g/files/zskgke326/files/publications/Discussion%20Paper%20-%20Preventing%20Violent%20Extremism%20by%20Promoting%20Inclusive%20%20Development.pdf
https://www.undp.org/sites/g/files/zskgke326/files/publications/Discussion%20Paper%20-%20Preventing%20Violent%20Extremism%20by%20Promoting%20Inclusive%20%20Development.pdf
https://library.oapen.org/bitstream/handle/20.500.12657/58012/1/book.pdf
https://www.osce.org/files/f/documents/2/2/400241_1.pdf
https://www.researchgate.net/publication/312336397_Preprocessing_for_image_classification_by_convolutional_neural_networks
https://www.sciencedirect.com/science/article/pii/S0141118722003352
https://www.researchgate.net/publication/365726702_Bilinear_and_Bicubic_Interpolations_for_Image_Presentation_of_Mechanical_Stress_and_Temperature_Distribution

K. Bagitova et al. 103

[22]

23]

[24]

S. Toliupa, I. Tereikovskyi, L. Tereikovska, S. Mussiraliyeva and K. Bagitova, "Deep Neural Network Model for Recognition
of Speaker’s Emotion" , IEEE International Conference on Problems of Infocommunications. Science and Technology
(PIC S&T), Kharkiv, Ukraine (2020): 172-176. Doi: 10.1109/PICST51311.2020.9468017.

Sh. Mussiraliyeva, K. Bagitova and D. Sultan, "Social Media Mining to Detect Online Violent Extremism using Machine
Learning Techniques", International Journal of Advanced Computer Science and Applications (IJACSA), 14(6) (2023).
http://dx.doi.org/10.14569/IJACSA.2023.01406146

Sh. Mussiraliyeva, M. Bolatbek, B. Omarov & K. Bagitova, Detection of Extremist Ideation on Social Media Using
Machine Learning Techniques (2020). Doi: 10.1007/978-3-030-63007-2 58.


http://dx.doi.org/10.14569/IJACSA.2023.01406146

	Introduction
	Methods and materials
	Results and discussion
	Conclusion
	Acknowledgment

